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Abstract
Background Academic procrastination is widespread among college students. Procrastination is strongly negatively 
correlated with psychological well-being, thus early interventions are needed. Internet- and mobile-based cognitive 
behavioral therapy (iCBT) could provide a low-threshold treatment option. Human guidance seems to be a decisive 
mechanism of change in iCBT. Persuasive design optimization of iCBT and guidance by a digital coach might 
represent a resource-saving alternative. The study evaluated the non-inferiority of a digital coach in comparison to 
human guidance with regard to the primary outcome procrastination.

Methods The iCBT StudiCare procrastination was optimized by principles of the Persuasive System Design (PSD). A 
total of 233 college students were randomly assigned to either StudiCare procrastination guided by a digital coach 
(intervention group, IG) or by a human eCoach (control group, CG). All participants were assessed at baseline, 4-, 
8- and 12-weeks post-randomization. Symptom change and between-group differences were assessed with latent 
growth curve models and supported by effect size levels. The non-inferiority margin was set at Cohen’s d = − 0.3.

Results The primary outcome procrastination measured by the Irrational Procrastination scale (IPS) significantly 
decreased across groups (γ = − 0.79, p < .001, Cohen’s d = -0.43 to -0.89) from baseline to 12-weeks post-
randomization. There were no significant differences between groups (γ = -0.03, p = .84, Cohen’s d = -0.03 to 0.08). 
Regarding symptoms of depression, no significant time x group effect was found (γ = 0.26, p = .09; Cohen’s d = -0.15 
to 0.21). There was also no significant time x group effect on the improvement of symptoms of anxiety (γ = 0.25, 
p = .09). However, Cohen’s ds were above the non-inferiority margin 8-weeks (Cohen’s d = 0.51) and 12-weeks post-
randomization (Cohen’s d = 0.37), preferring the CG. Of the IG, 34% and of the CG, 36% completed 80% of the 
modules.
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Background
Academic procrastination, the phenomenon of post-
poning intended and necessary study-related tasks 
despite the expectation of negative consequences, is 
widespread among college students [1]. In the general 
population studies report procrastination prevalence 
rates of 15–46% [2, 3]. However, depending on the defi-
nition and assessment tool applied, some research has 
reported prevalence rates for academic procrastination 
of up to 95% [4–7]. Yan et al. [8] summarized the cur-
rent literature on procrastination in a systematical bib-
liometric analysis. Research suggests, procrastination to 
be a behavioral tendency, which is complex and stable 
across different situations. From a differential psychol-
ogy perspective procrastination is seen as a personality 
trait [1]. In the motivational and volitional psychology 
it is recognized as a self-regulation failure [1, 9] includ-
ing behavior and emotion associated with situational and 
personal determinants [10]. Cognitive and motivational 
process, personality traits (e.g., impulsivity [11]), and 
contextual conditions (e.g., task characteristics [12]) are 
profound reasons for procrastination [8]. Among other 
negative effects, procrastination is highly correlated to 
increased levels of stress [13], symptoms of depression 
and anxiety [14], poor academic performance [15], and 
poor general health [16]. Cognitive behavioral therapy 
(CBT) may be an effective treatment to reduce procras-
tination in students in the short- and the long-term [17]. 
Due to the complexity, high prevalence and negative out-
comes of procrastination, it could be beneficial to pro-
vide students with low-threshold access to CBT. To do 
so, CBT can be delivered via internet- and mobile-based 
interventions (IMI). For students, IMI may be appeal-
ing, given their flexibility and anonymity [18]. Studies on 
IMI targeting procrastination report promising results 
in reducing procrastination and improving symptoms of 
anxiety and depression [19–21]. Rozental et al. [19] found 
a reduction of procrastination with an effect of Hedges’ 
g = 0.69 (95%-CI: 0.28; 1.09) of a human guided iCBT 
compared to a wait-list control condition. The Internet- 
and mobile-based cognitive behavioral therapy (iCBT) 
StudiCare procrastination, which was investigated in 
this study, is also currently being evaluated in reducing 

procrastination in a guided intervention group compared 
to a waiting-list control group [22, 23].

Research suggests guidance to be a decisive mecha-
nism of change in IMI, likely due to its motivation and 
engagement facilitating effect [24, 25]. A meta-analysis 
including individual participant data of patients with 
depression reveals that the combination of human and 
automated support decreases IMI’s dropout rates [26]. 
However, since human guidance is resource intensive, 
it may be beneficial to find alternative motivation- and 
engagement-facilitating strategies to make IMI even 
more accessible and scalable, e.g., by implementing Per-
suasive System Design strategies (PSD) [27]. By the effec-
tive use of human-machine interaction, PSD, in the form 
of information systems, pursue the goal of achieving 
behavioral or attitudinal change in individuals [27]. Pre-
vious studies report on the positive influence of PSD in 
IMI in terms of motivating behavior change and influenc-
ing attitudes of users and thereby potentially increasing 
user adherence [28, 29]. Dialogue support, one of four 
subcategories of PSD, portrays the machine in a social 
role, e.g., by implementing an avatar-based coach leading 
through the IMI. The qualifications of the guiding coach 
do not play a significant role in the positive effect of 
human guidance in IMI [24]. Hence, the question arises, 
whether a digital avatar-based coach might produce simi-
larly effective results as a human coach. Previous studies 
indicate that other forms of automated support (e.g., by 
email support) can be effective but less so than human 
guidance [30]. PSD was found to be a resource-saving 
solution to improve adherence [28]. The PSD optimiza-
tion might also reduce the inferiority of automated guid-
ance. Research suggests that it is possible to establish a 
working alliance with an avatar and that this alliance 
might predict symptom change [31]. A scoping review 
demonstrates that embodied conversational agents (e.g., 
avatars) can be used for the treatment of various mental 
illnesses [32]. This review includes some studies in which 
this agent was implemented as an adjunct to a self-man-
agement intervention. The results of included evaluation 
phase studies point to a potentially positive effect of the 
agents in terms of user engagement. It should be noted 
that there is currently a lack of component studies in 
research that directly compare the guidance of a digital 

Conclusions The PSD optimized version of StudiCare procrastination is effective in reducing procrastination. The 
digital coach was not inferior to human guidance. Guidance by a digital coach in iCBT against procrastination for 
college students could be a resource-saving alternative to human guidance.

Trial registration The trial was registered at the WHO International Clinical Trials Registry Platform via the German 
Clinical Trial Register (ID: DRKS00025209, 30/04/2021).
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coach to human guidance [32]. One of the few existing 
component studies is from Kelders et al. (2015) [33]. In 
a pilot study an IMI targeting people with depression, 
no difference in adherence between the group accompa-
nied by automated feedback compared to the group with 
human guidance was found.

The combination of automated support with fur-
ther PSD principles may be a resource-saving alterna-
tive to guidance in IMI to increase users’ motivation 
and engagement and thus might be equally effective as 
human guidance.

Since the existing research in this field is still limited, 
this study aims to make an important contribution based 
on the following research questions:

1) Is the guidance by a digital coach non-inferior to 
the active control group guided by a human coach 
regarding the reduction of procrastination (primary 
outcome)?

2) Is the guidance by a digital coach non-inferior to 
the active control group guided by a human coach 
regarding the improvement of students’ depression, 
anxiety, susceptibility to temptation, self-efficacy, 
perceived stress, and social support?

3) Does StudiCare procrastination improve 
procrastination, depression, anxiety, susceptibility to 
temptation, self-efficacy, perceived stress, and social 
support in college students?

4) Are there potential predictors of the effect across 
groups on procrastination, depression, anxiety, 
susceptibility to temptation, self-efficacy, perceived 
stress, and social support?

5) Is StudiCare procrastination with digital coach 
non-inferior to the active control group guided by a 
human coach in terms of feasibility, as measured by 
therapeutic alliance, adherence, usability, dropout, 
and reported subjective negative side effects?

Materials and methods
This parallel, two-group, randomized controlled trial 
evaluated the non-inferiority of a PSD optimized iCBT 
guided by a digital coach (IG) or a human coach (CG). 
This trial was a-priori registered at the WHO Inter-
national Clinical Trials Registry (ID: DRKS00025209; 
30/04/2021), approved by the ethic committee of Ulm 
University (Number 502/20) and was conducted and 
reported according to the extension of the CONSORT 
2010 Statement for non-inferiority and equivalence trials 
[34, 35].

Participants and inclusion criteria
Participants were eligible for participation when meet-
ing the following requirements: (1) self-reported age of 
18 years and older, (2) sufficient German language skills, 
(3) self-reported enrollment in university or college, (4) 

internet access, (5) ability to use a smartphone. As there 
is no clinical diagnosis of procrastination and in order to 
include students significantly suffering from it a cut-off 
value based on a recent study [19] was applied (Irrational 
Procrastination Scale (IPS) ≥ 32). There were no exclusion 
criteria. Participants were recruited via a website, post-
ings to Facebook, flyers at Ulm University and circular 
emails with study information sent out by the University 
of Hannover, Siegen, and Rostock between May and Sep-
tember 2021 in Germany.

Interested students were invited to conduct an eligibil-
ity screening on the StudiCare website. In case of eligibil-
ity, participants had to give their informed consent online 
via double opt-in. Subsequently, they were invited to the 
baseline assessment.

Randomization and sample size
We performed an a-priori sample size calculation based 
on a power of 0.90 and α = 0.05. We assumed a non-
inferiority margin of Cohen’s d = -0.3, and a standard 
deviation (SD) of 0.78 [36] based on the severity of pro-
crastination as primary outcome. The selection of the 
margin was based on clinical judgement and statistical 
reasoning [37]. We followed the recommendation that 
the non-inferiority margin should not be greater than 
the smallest effect expected for the control condition in 
a superiority RCT [37]. Thereby, we related to the exist-
ing studies targeting procrastination with iCBT [19, 38]. 
We noted that the authors concluded that clinical signifi-
cance in procrastination needs to be investigated further, 
and we aligned with their proposed relevant standard 
deviations. Furthermore, we researched on commonly 
used non-inferiority margins [39] as well as currently 
available approaches to defining clinically significant 
effects in psychological research [40, 41]. The calculation 
resulted in N = 232 participants.

Participants were randomly assigned to IG or CG 
in a 1:1 ratio with a permuted block size (4,6,8) by a 
researcher not otherwise involved in the study using a 
web-based automated randomization program (https://
www.sealedenvelope.com). Study staff concerned with 
outcome assessment were blinded to participants’ group 
allocation. Participants were informed about their group 
assignment via email.

Intervention procedure
StudiCare procrastination is a self-help iCBT [42] devel-
oped by Ulm University Department of Clinical Psychol-
ogy and Psychotherapy. Content is presented through 
interactive elements as audio, video, illustrations, and 
text enriched by writing-based or multiple-choice 
tasks. The intervention consists of an introduction, five 
required modules, and one optional module. Partici-
pants in the current study were encouraged to complete 

https://www.sealedenvelope.com
https://www.sealedenvelope.com
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modules on a weekly basis. Modules target (1) psycho-
education about procrastination; (2) time-management 
strategies and goal-setting; (3) motivation; (4) self-regu-
lation and mindfulness; (5) relapse prevention. Detailed 
information on content of each module can be found 

elsewhere [22]. Since studies have also found correlations 
between constructs (i.e. self-efficacy, self-regulation, 
mindfulness) addressed in the modules and symptoms 
of anxiety and depression, there may also be an improve-
ment in these domains [43–46]. In addition to the weekly 
modules, participants are asked to complete weekly chal-
lenges and keep a web-based daily procrastination diary. 
This version of StudiCare procrastination was optimized 
by means of PSD. Principles from all four main catego-
ries were included (i.e. primary task support, dialogue 
support, social support, system credibility), following 
the definition of the individual principles as described in 
[28]. Table 1 provides an overview of the specific imple-
mentation of principles in this study. StudiCare procras-
tination and the self-monitoring diary were provided via 
the secure online platform eSano Research [47].

Participants of the IG received the intervention guided 
by a digital coach (i.e., an avatar). Participants were able 
to choose between a female or male avatar. The coach 
provided immediate standardized feedback adapted to 
the participant’s response for each task. Furthermore, 
after module completion, participants of the IG received 
a standardized module summary and message of encour-
agement. Two business days after module completion, 
participants received a standardized motivational email. 
At the end of each module, participants scheduled an 
appointment for their next module. If participants did 
not stick to this appointment, they received a reminder 
email twelve days after the set date by email.

Participants of the CG were guided by a human 
eCoach, who was a trained psychologist. Prior to the 
intervention start a training session was held for the 
eCoaches by the study team on how to create and send 
feedback. It was also determined how to deal with possi-
ble queries from the participants. The eCoaches provided 
written semi-standardized feedback within two business 
days after module completion. The feedback was individ-
ualized depending on participants’ entries and provided 
via eSano plattform. The eCoach sent three reminder 
emails (3, 7, and 10 business days after the module 
appointment). Participants of the IG and CG received 
unrestricted access to the health care system (treatment 
as usual: TAU).

Outcomes
All participants were invited to complete self-reporting 
instruments at six measurement time points: baseline 
(t0), four weeks (t1), eight weeks (t2), twelve weeks (t3), 
six months (t4), and twelve months (t5) after randomiza-
tion. Assessments were completed via the secure online 
survey platform Unipark (www.unipark.com). If partici-
pants did not respond to the initial invitation email, they 
received reminders after three, seven, and ten business 
days by email. Furthermore, participants who provided 

Table 1 Implemented Persuasive System Design features in 
StudiCare procrastination
Category Principle Implementation in StudiCare 

procrastination
Primary Task 
Support

Tailoring IG: opportunity to choose 
between male or female digital 
coach
Both groups: adaption of mod-
ules based on main challenge
Optional module about 
self-esteem

Self-monitoring Progress bar in every module
Daily diary about procrastination 
behavior

Personalization Opportunity to adjust visual 
background of program

Dialogue 
support

Praise Positive reinforcement from 
digital coach or eCoach
Illustration of confetti after 
completing a diary entry

Reminders Email reminders on module 
completion
Buddy-based reminders on diary 
completion (please see coopera-
tion principle)

Social Role IG: female or male digital coach 
takes a social role by respond-
ing to participants’ answers to 
the tasks

Similarity Implementation of case stories
Liking Content designed to be visual 

attractive to the target group of 
young adults

Rewards Collecting the separate pieces of 
a motivating image which can 
be seen at the end of each mod-
ule after each processed task

System 
credibility

Trustworthiness Description of empirically sup-
ported intervention content 
and in-depth information about 
data-security in the introduction 
module

Expertise Expert statements in every 
module

Real-world feel Presentation of developers 
and team behind StudiCare 
procrastination

Social 
Support

Cooperation Pair of two buddies reminding 
and supporting each other 
about daily diary completion 
(anonymous)

Social comparison Information about diary 
completion of buddy

Note. IG = Intervention group

http://www.unipark.com
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a telephone number were contacted by phone after 14 
business days.

Sociodemographic variables
At baseline, participants were asked about their age, gen-
der, areas of study, nationality, number of study semesters 
completed, relationship status, current exam preparation, 
semester break, and experience with psychotherapy.

Primary outcome
The primary outcome procrastination was measured 
using the German version of the Irrational Procrastina-
tion Scale (IPS) [36, 48]. The IPS is comprised of nine 
items presented with a 5-point Likert scale (1 = “Very 
seldom or not true to me” to 5 = “Very often true or true 
to me”). In this study the IPS demonstrated acceptable to 
excellent internal consistency with McDonald ω between 
0.78 (t0) and 0.95 (t1).

Secondary outcomes
The Susceptibility to Temptation Scale (STS) measures a 
further important part of procrastination. The STS con-
sists of eleven items on a 5-point Likert scale (1 = “Very 
seldom or not true to me” to 5 = “Very often true or true 
to me”; 48). The internal consistency of the scale in this 
study was good to excellent (McDonald  ω = 0.89 (t0) 
− 0.95 (t2/t3)).

The eight-item version of the Patient Health Ques-
tionnaire (PHQ-8) [49] was used to assess symptoms of 
depression. Participants answer on a 4-point Likert scale 
(0 = “Not at all” to 3 = “Nearly every day”). In this study, 
the PHQ-8 displayed good to excellent internal consis-
tency of McDonald ω between 0.86 (t0) and 0.91 (t3).

Symptoms of anxiety were measured by the General-
ized Anxiety Disorder Questionnaire [50]. Seven items 
were assessed on a 4-point Likert scale (0 = “Not at all” 
to 3 = “Nearly every day”). McDonald ω in this study was 
between 0.9 (t0) and 0.93 (t1), pointing to an excellent 
internal consistency.

The perceived stress severity was assessed using the 
4-item version of the Perceived Stress Scale (PSS) [51]. 
Items were answered on a 5-point Likert scale (0 = 
“Never” to 4 = “Very often”). In this study, the PSS showed 
an internal consistency of McDonald ω between 0.78 (t1) 
and 0.82 (t2).

The subjective study-related self-efficacy was measured 
by an area-specific scale (WIRKSTUD), which consists of 
seven items with a 4-point Likert scale (1 = ”Not true to 
me” to 4 = “True to me”) [52]. The internal consistency 
was good to excellent, as McDonald ω was between 0.85 
(t0) and 0.91 (t3).

Social support was measured by the Berliner Social 
Support Scales (BSSS) using four separate subscales 
(“perceived social support: emotional”, “perceived social 

support: instrumental”, “need for social support”, “seeking 
social support”). In summary, the subscales consist of 17 
items, which can be answered on a 4-point Likert scale 
(1  = ”Not true to me” to 4 = “Totally true to me”) [53]. 
Internal consistency was excellent (McDonald ω between 
0.93 (t0/1) and 0.95 (t2/3)).

For an additional analysis of the potential mediating 
effects of shame and self-esteem on procrastination, we 
added three further questionnaires: the German self-
esteem scale (RSES), fear of negative evaluation scale 
(SANB-5), and an ad hoc item assessing feelings of 
shame. The results of this secondary analysis will be pre-
sented in another publication.

Adherence
Intervention’s adherence was defined as completing more 
than 80% of the main intervention modules [54].

Working alliance
Therapeutic alliance is one of the key mechanisms of 
change in psychotherapy [55, 56]. We assessed partici-
pants’ alliance to the intervention utilizing the German 
version of the Working Alliance Inventory for guided 
Internet interventions (WAI-I) [57]. Twelve items were 
answered on a 5-point Likert scale (1 =” seldom” to 5 = 
“always”). Internal consistency was good to excellent 
with McDonald ω between 0.81 (t3) and 0.96 (t2).

Subjective negative side effects
Subjective negative side effects were measured with 
the Negative Effects Questionnaire (NEQ). The origi-
nal version of the NEQ consists of 20 items [58]. Given 
the health promotion focus of our study we removed 
item 10, which assesses suicidal ideation. Each item asks 
whether a specific side effect occurred. If yes, partici-
pants were asked whether they relate this side effect to 
their intervention participation and how strongly they 
were impacted by the side effect (4-point Likert scale 1 = 
“not at all” to 4 = “very strong”). Internal consistency was 
acceptable (McDonald ω = 0.81).

Feasibility
To gain insights into the perceived usability of the IMI, 
the short version of the User Experience Question-
naire (UEQ-S) was implemented after the second and 
fifth modules. It consists of eight items ranging from − 3 
(= fully agree with negative term) to 3 (= fully agree with 
positive term) targeting the dimensions aesthetics, prag-
matic quality, and hedonic quality. Thus, values < -0.8 
indicate a negative, -0.8 to 0.8 neutral, and > 0.8 a posi-
tive user experience. Subscales’ reliability are excellent 
(hedonic quality: McDonald ω = 0.94) or good (pragmatic 
quality: McDonald ω = 0.85) [59].
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After the fifth module, IG participants were invited to 
provide qualitative feedback. First, they were asked to 
rate how much they enjoyed the interaction with the dig-
ital coach on a 7-point Likert scale ranging from 1 (= not 
at all) to 7 (= very much). Second, an open-ended ques-
tion was provided to gather feedback on the perceived 
guidance.

Statistical analysis
All analyses were performed with the software R [60]. A 
two-sided significance level of p < .05 was applied. For all 
outcomes at baseline, the mean and standard deviation 
were reported. Internal consistency of outcome measure-
ments was explored using McDonald ω [61]. Differences 
in adherence were assessed using Welch two sample 
t-test.

Analyses were based on intention to treat (ITT). We 
assumed missing data to be missing at random and han-
dled it by Full-Information Maximum Likelihood (FIML) 
estimation [62]. Maximum Likelihood Robust (MLR) 
estimators were used [63]. Changes in continuous out-
comes, group differences, and potential sensitivity anal-
ysis of potential predictors were analyzed using latent 
growth curve models based on structural equation mod-
eling (SEM). SEM were extended with mean structure 
by using effects coding and the requirement of measure-
ment invariance was tested [64, 65]. Since χ2-tests are 
too sensitive to evaluate the absolute model fit for each 
applied model here [66, 67], the fit indices Comparative 
Fit Index (CFI) [68], the robust Root Mean Square Error 
of Approximation (RMSEA) [69], and the Standardized 
Root Mean Square Residual (SRMR) [70] were taken 
into consideration [71]. We applied standard model-
ing criteria as cut-off values for an acceptable goodness 
of fit: CFI > 0.95; RMSEA < 0.06; SRMR < 0.08. For the 
analysis of the latent growth curve model we used the 
R-package lavaan [72]. With regard to group differences, 
the outcomes of the latent growth curve model were sup-
ported by Cohen’s d. These effect sizes were based on 
data imputed by Multivariate Imputation by Chained 
Equations (MICE) [73]. We report on the slope (γ), the 
p-value, and the Cohen’s d with the corresponding 
95%-Confidence Interval (95%-CI) for each effectiveness 
outcome and related predictors. Negative slopes indicate 
improvement. Regarding group effects, a non-significant 
value points to no statistically relevant influence of the 
group allocation. Negative Cohen’s d favors IG unless it 
is indicated that higher values indicate a better outcome.

Qualitative feedback on user experience in IG was ana-
lyzed with content analysis on an observed data level 
[74]. In a first step, the feedback was categorized in posi-
tive or negative evaluation. Second the feedback was cat-
egorized by different coach characteristics (usefulness, 
conversation, interaction, visual design).

Results
A total of 233 participants were randomized either to 
StudiCare procrastination guided by a digital coach 
(IG) or to StudiCare procrastination guided by a human 
eCoach. For further information on the study dropout 
please see the study flow (Fig.  1). There was no signifi-
cant difference regarding baseline IPS scores (t1: p = .72, 
t2: p = .75, t3: p = .31) between participants who dropped 
out and those who did not. The same applies to gender 
(t1: p = .25, t2: p = .62, t3: p = .07) and age (t1: p = .49, t2: 
p = .14, t3: p = .95). IG and CG participants’ baseline char-
acteristics can be found in Table  2. Procrastination was 
not significantly associated with either being in a semes-
ter break (t(155) = 0.46, p = .65) nor preparing for an exam 
(t(185) = − 0.39, p = .70).

Primary outcome
The IPS showed scalar invariance in the presence of par-
tial metric invariance (additional file 1). Both groups 
demonstrated a significant reduction of latent IPS scores 
across time points (γ = -0.79; p < .001). The calculated 
Cohen’s d indicate a medium to large effect size (t1: 
Cohen’s d = − 0.43, 95%-confidence interval (CI) [-0.61; 
-0.25]; t2: Cohen’s d = − 0.72, 95%-CI [-0.91; -0.53]; t3: 
Cohen’s d = − 0.89, 95%-CI [-1.08; -0.7]). There was no 
significant time x group interaction regarding IPS (γ = 
-0.03, p = .84), indicating that group had no significant 
effect on IPS improvement over time. The effect sizes of 
group differences support this finding. For each mea-
surement point, levels did not exceed the non-inferiority 
margin of Cohen’s d = − 0.3 (t1: Cohen’s d = 0.04, 95%-CI 
[-0.22; 0.30]; t2: Cohen’s d = -0.03, 95%-CI [-0.29; 0.23]; 
t3: Cohen’s d = 0.08, 95%-CI [-0.18; 0.34]).

When it comes to potential predictors of the IPS 
improvement, number of modules (γ= − 0.20, p = .25), 
number of completed study semesters (γ = 0.11, p = .40), 
and gender (γ = − 0.14, p = .43) had no significant predict-
ing influence on the time effect across groups.

Secondary outcomes
Regarding measurement invariance, we found scalar 
invariance for the following outcomes: PHQ-8, GAD-7, 
PSS, and partial scalar invariance for the STS. The out-
come WIRKSTUD showed partial metric and partial sca-
lar invariance. The fit indices for all applied models can 
be found in additional file 1. Results on the STS showed 
a significant reduction of susceptibility to temptations 
across both groups (γ = − 0.62, p < .001) with medium 
effect sizes (Cohen’s d = -0.85 to -0.41). There were also 
significant reductions across groups in depression scores 
(γ = -0.15, p < .001), anxiety scores (γ = -0.25, p = .01), per-
ceived stress (γ = -0.36, p < .001) with small to medium 
effect sizes (Cohen’s d = -0.73 to -0.23). Regarding study 
related self-efficacy, we found a significant improvement 



Page 7 of 17Mutter et al. BMC Psychology          (2023) 11:273 

across groups (γ = 0.38, p < .001) with medium effect sizes 
(Cohen’s d = 0.40 to 0.79).

When it comes to potential non-inferiority of the IG 
compared to the CG, the group allocation had no signifi-
cant influence on the improvement of the susceptibility 
to temptations (STS: γ = -0.01, p = .93), of the depres-
sion scores (PHQ: γ = 0.26, p = .09), of the anxiety scores 
(GAD: γ = 0.25, p = .09) or of the self-efficacy (WIRK-
STUD: γ = -0.20, p = .10). Between-group differences 
showed small to medium effect sizes (Cohen’s d between 
− 0.02 and 0.52). However, group allocation had a sig-
nificant influence on the reduction of perceived stress 
(PSS: γ = 0.26, p = .04) with small effect sizes (across time 
points: Cohen’s d = -0.04 to 0.26), favoring the CG.

In terms of potential predicting variables of the time 
effects across groups, we found that neither gender, nor 
the number of modules or semesters studied predicted 
any effect. Detailed results of all outcomes and the pre-
dictors are provided in Table 3.

Adverse events
In the IG, 199 adverse events were reported in the NEQ, 
of which 85 were associated with the intervention. In the 
CG, 194 adverse events, 85 related to intervention par-
ticipation, were reported. There were no significant dif-
ferences between the IG and the CG in the frequency 
of reported adverse events. The impact of the adverse 
events was rated between M = 1.33 and M = 3.60 in the IG 
and M = 1.0 and M = 4.0 in the CG. Please see Table 4 for 
detailed information.

Adherence
In the IG, 84% of participants completed the introduc-
tion, 72% the first module, 53% the second, 41% the third, 
34% the fourth, and 24% the fifth module. 14% completed 
the optional module. On average, participants of the IG 
completed M = 2.83 (SD = 2.11) modules. Overall, the 
adherence rate in the IG was 34%. In the CG, 88% com-
pleted the introduction, 80% the first module, 62% the 

Fig. 1 Study Flowchart. Note. The results Follow-Up II and III are not within the scope of this publication. IG = Intervention group; CG = Control group
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Table 2 Baseline Characteristics across and per group
All participants
(N = 233)
% (n)

IG
(n = 116)
% (n)

CG
(n = 117)
% (n)

Age M (SD) 26.21 (5.3) 26.16 (5.53) 26.26 (5.18)
Gender, female
Diverse

60 (140), 1 (3) 55 (64), 2 (2) 65 (76), 1 
(1)

Citizenship
Germany 92 (215) 95 (110) 90 (105)
Switzerland 1 (2) 1 (1) 1 (1)
EEA member 3 (8) 3 (3) 4 (5)
No EEA member 3 (6) 1 (1) 4 (5)
No information 0.005 (1) 0 1 (1)
Study characteristics
Semester break 32 (75) 29 (34) 35 (41)
Exam phase 64 (148) 65 (75) 62 (73)
Study semesters M (SD) 10.75 (6.73) 15.55 (6.25) 10.96 (7.20)
Field of study
Biology/ Chemistry 5 (12) 6 (7) 4 (5)
Business and Law 12 (27) 15 (17) 8 (10)
Educational Sciences 15 (35) 13 (15) 17 (20)
Engineering 14 (32) 13 (15) 15 (17)
Informatics 11 (26) 13 (15) 9 (11)
Linguistics, Culture, and Geography 14 (33) 15 (17) 14 (16)
Mathematics and Physics 7 (16) 6 (7) 8 (9)
Medicine and Pharmaceutics 8 (18) 6 (7) 9 (11)
Other sciences 4 (9) 4 (5) 3 (4)
No information 1 (3) 2 (2) 1 (1)
Psychotherapy experience
Currently 13 (31) 12 (14) 15 (17)
longer than 3 months ago 24 (55) 21 (24) 26 (31)
Waiting list 3 (8) 2 (2) 5 (6)
No Experience 60 (139) 66 (76) 54 (63)
Treatment for procrastination
Internet 27 (62) 31 (36) 22 (26)
Consultation 8 (18) 3 (6) 10 (12)
Family doctor 2 (4) 1 (1) 3 (3)
Psychotherapist 11 (26) 11 (13) 11 (13)
Psychiatrist 2 (4) 1 (1) 3 (3)
Other 4 (9) 4 (5) 3 (4)
Mental health outcomes
IPSM (SD) 37.43 (3.59) 37.16 (3.81) 37.70 (3.36)
STSM (SD) 42.01 (6.60) 41.79 (6.89) 42.23 (6.32)
WIRKSTUDM (SD) 17.01 (3.98) 17.14 (4.08) 16.89 (3.88)
PHQ-8 M (SD) 11.55 (5.02) 11.40 (5.17) 11.69 (4.88)
GAD-7 M (SD) 9.39 (4.91) 9.33 (5.29) 9.37 (4.53)
PSSM (SD) 9.20 (2.90) 8.82 (3.05) 9.58 (2.70)
BSSSM (SD) 50.07 (8.65) 51.03 (8.26) 49.11 (8.96)
emotional M (SD) 13.41 (2.59) 13.61 (2.55) 13.21 (2.63)
instrumental M (SD) 12.8 (2.73) 13.00 (2.65) 12.60 (2.80)
need for support M (SD) 11.3 (2.62) 11.30 (2.45) 11.29 (2.79)
support seeking M (SD) 12.57 (3.17) 13.12 (2.94) 12.02 (3.11)
Note. IPS = Irrational Procrastination Scale, STS = Susceptibility to Temptation Scale, WIRKSTUD = Study-related self-efficacy, PHQ-8 = 8 item version of the Patient 
Health Questionnaire, GAD-7 = 7 item version of the General Anxiety Disorder questionnaire, PSS = Perceived Stress Scale, BSSS = Berliner Social Support Scale, 
M = Mean, SD = Standard deviation, IG = Intervention group, CG = Control group
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second, 50% the third, 36% the fourth, and 31% the fifth 
module. 20% completed the optional module. This points 
to an adherence rate of 36% in the CG, with an average 
of M = 3.17 (SD = 2.08) of completed modules. Regarding 
adherence rate, group differences were ≤ 9% with highest 
(9%) in modules two and three. In both groups, the high-
est attrition occurred after the first module. There was no 
significant difference in adherence between IG and CG 
(t(198) = 1.15, p = .25).

The number of completed modules was not signifi-
cantly predicted by being in exam phase (β = 0.57, p = .06) 
or having semester break (β = -0.04, p = .90).

In total, 172 participants used the buddy reminder at 
least once. On average, participants sent 3.47 (SD = 5.29) 
reminders. 83 (72%) participants of the IG (M = 3.06, 
SD = 4.24) and 89 (76%) participants of the CG (M = 3.84, 
SD = 6.12) used the buddy feature (Cohen’s d = 0.15, 
p = .33).

Therapeutic alliance
The observed rated therapeutic alliance for both groups 
and across groups can be found in Table 5. On an ITT-
basis, group has no significant influence on the slope 
(γ = 0.07, p = .61) or the intercept (γ = − 0.10, p = .31) in the 
overall rating. This means that there is no significant dif-
ference in the therapeutic alliance between the groups, 
either at baseline or over time.

When it comes to the subscale bond there is a signifi-
cant difference on the intercept (t1) between groups (γ 
= -0.26, p = .02) but no significant influence of group on 
the slope (γ = -0.19, p = .38). Concerning the subscale 
goal and task there is neither a significant influence of the 
group on the intercept (γ = − 0.07, p = .50) nor on the slope 
(γ = 0.15, p = .33).

Feasibility
After the second module, 73 participants of the CG rated 
the user experience with M = 0.57 (SD = 1.11) and 61 par-
ticipants of the IG with M = 0.95 (SD = 1.23), indicating 
neutral and good user experience, respectively. After the 
fifth module, 36 participants of the CG rated the user 
experience with M = 0.99 (SD = 1.00) and 27 participants 

of the IG with M = 0.83 (SD = 0.97), suggesting a good 
user experience in both groups.

Qualitative user feedback
The digital coach was rated with M = 3.89 (SD = 1.42) by 
27 participants of the IG after the fifth module. Four par-
ticipants described the digital coach as useless, whereas 
four mentioned its helpfulness. Nine participants felt the 
conversation was impersonal and six participants felt 
it was motivating. Four participants missed interaction 
with the coach, whereas two mentioned the positivity of 
instant answers of the digital coach. Two persons would 
like the design of the coach to be more contemporary.

Discussion
This non-inferiority study showed that the guidance by 
a digital coach does not exceed a non-inferiority mar-
gin of − 0.3 in comparison to human-based guidance in 
an iCBT targeting academic procrastination. This result 
contradicts previous studies, which indicate that auto-
mated support in IMI is effective but inferior to human 
support [30]. However, the latest studies suggest that 
IMI including elements designed to increase engage-
ment (“second-generation interventions”) as is the case 
with PSD strategies, may produce effects comparable to 
clinician-guided treatments [33, 75, 76]. The result of the 
non-inferiority found in our study support that assump-
tion and indicate that guidance from a digital coach is 
an effective alternative for students with procrastination 
that saves resources.

Regarding adherence, there was no significant dif-
ference between the two intervention groups, which 
is contradictory to the finding of a currently published 
meta-analysis. Musiat et al. (2022) find that on average, 
the completion rate in human-guided IMI targeting men-
tal health is 12% higher than in unguided interventions 
[77]. The PSD optimization could be a possible explana-
tion for the non-inferiority finding in our study. In gen-
eral, despite the engagement-promoting PSD principles, 
we found a comparably low adherence rate of 34% (IG) 
and 36% (CG) in this study compared with Schmidt et al. 
[78], who reported an average dropout of 32% from iCBT 
programs for depression. Several reasons for that finding 

Table 5 Observer-based rating of therapeutic alliance
4 weeks (t1) 8 weeks (t2) 12 weeks (t3)
IG
n = 56

CG
n = 57

Both IG 
n = 48

CG 
n = 44

Both IG
n = 48

CG 
n = 36

Both

Overall M (SD) 2.71
(0.82)

2.86
(0.74)

2.79
(0.78)

2.75 (0.93) 3.17 (0.79) 2.96 (0.88) 2.85 (0.95) 3.11 (0.84) 2.96 (0.91)

Task and goal agreement M (SD) 2.92 (0.90) 2.92 (0.78) 2.92
(0.84)

2.99 (0.97) 3.22 (0.81) 3.10 (0.90) 3.09 (0.93) 3.14 (0.81) 3.11 (0.88)

Bond M (SD) 2.29
(1.10)

2.74
(1.03)

2.52 (1.08) 2.29
(1.04)

3.09 (0.98) 2.67 (1.09) 2.38
(1.26)

3.06 (1.22) 2.67
(1.28)

Note. IG = intervention group; CG = control group; M = mean; SD = standard deviation
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can be discussed. First, the timing of the iCBT during the 
semester could have played a decisive role. We found that 
the adherence tend to be higher in participants prepar-
ing for exams. Notably, this finding just misses the signifi-
cance level. However, it is possible that students are most 
aware of the consequences of procrastination during this 
time, thus are more motivated. This finding would sug-
gest just-in-time adaptive interventions to be a promis-
ing further development [79], that offer a procrastination 
intervention during exam preparations. Furthermore, a 
large number of participants had the feeling that they did 
not benefit from the intervention, what might be a fur-
ther reason for low adherence [80]. Regarding adherence 
in the IG, the optimization of the digital coach might be 
valuable. Although, the WAI-I showed non-inferiority of 
IG to CG in the overall therapeutic alliance, in the sub-
scale bond there was inferiority. So, participants of the 
IG experienced lesser feelings that the digital coach likes 
them, respects them, appreciates them, and is interested 
in their well-being. Zalaznik et al. [81] indicate that the 
participants’ connection to the IMI, which is measured 
by the other subscales of the WAI-I, predicts symptom 
outcomes, whereas the relationship with the coach (sub-
scale bond) is important for adherence. Complementary, 
the qualitative feedback provided by IG participants on 
the digital coach revealed a need for optimization; this 
might further improve user experience, which is cur-
rently rated as neutral-positive by the UEQ-S, and thus 
increase adherence in the IG [59]. First, the digital coach 
could be more individualized by the implementation of a 
chatbot system [82]. Previous studies indicate the accep-
tance and usefulness of chatbots in IMI for mental health 
[e.g., 83]. Second, the engagement with the digital coach 
may be improved by applying principles of gamification. 
Principles such as challenges or storytelling have demon-
strated the ability to increase the passion and emotional 
involvement of participants [84]. Including principles of 
gamification may also be a strategy to strengthen the use 
of the buddy-based diary. A challenge between the bud-
dies or being able to reach common milestones could be 
motivating [85].

Finally, however, the relevance of the adherence of 
this target group must be questioned. So, our sensitiv-
ity analysis showed that the number of completed mod-
ules did not predict effectiveness in this trial, which is 
contradictory to previous studies on IMI[e.g., 86], but 
in line with the findings of a meta-analysis about face to 
face interventions targeting procrastination [17]. In that 
meta-analysis intervention duration had no significant 
moderating effect on symptom improvement [17]. This 
result raises the question of whether all five modules of 
StudiCare procrastination are needed to exploit its full 
potential. A smaller number of modules may be sufficient 
to have a positive effect on procrastination. Research on 

CBT shows that symptom improvement can occur before 
the introduction of formal treatment elements (e.g., cog-
nitive restructuring). It is hypothesized that non-specific 
treatment factors decrease feelings of hopelessness in 
participants at the beginning of treatment and catalyze 
symptom improvement [87]. Adherence may not be of 
high importance in the target group of students with pro-
crastination. Of course, it remains unclear whether low 
adherence has any influence on the long-term effects. 
Further analysis of the follow-up data is necessary.

In both groups, self-reported procrastination in stu-
dents was reduced with a medium effect size, measured 
with the IPS and STS across groups. The finding that 
IMI can reduce procrastination in college students is in 
line with previous studies which also reported medium 
within-group effect sizes for guided and unguided groups 
[21, 88]. When it comes to potential predictors of the 
improvement, neither study semester nor gender had 
an impact on improvements of the different outcomes 
across groups. This indicates that the intervention may 
work independently of certain baseline characteristics.

In general, it is noticeable that the target group appears 
to be under significant psychological strain. This is 
shown, among other things, by the high anxiety and 
depression scores, which on average are above the gener-
ally applicable cut-off scores for the PHQ-8 and GAD-7 
[89, 90]. The significant correlation between depres-
sion and procrastination has been observed in numer-
ous studies [14, 91]. Encouragingly, participation in the 
intervention may significantly reduce depression. The 
effects are small to medium and of clinical relevance [92]. 
Thereby, at no measurement time point did the IG show 
inferiority to the CG of clinically relevant effect size.

Regarding exploratory analyses on further secondary 
outcomes, no clear pattern across the different outcome 
variables can be found at which point human guidance 
becomes superior. For example, there was IG inferior-
ity for anxiety from measurement point t2. It is possible 
that it depends on the outcome measure whether human 
guidance is necessary. At the same time, it is important 
to observe the follow-up surveys to discover possible pat-
terns. In general, students with procrastination could be 
a suitable target group for IMI with digital guidance [88, 
93].

Limitations
Besides some strength of the study as the applied sta-
tistical model which has several benefits over tradi-
tional analysis methods for longitudinal data and has 
been proven to have a higher level of statistical power 
[94], there are some limitations that must be consid-
ered when interpreting the findings. First, there is a high 
study dropout of 64%. To prevent bias, the data were 
analyzed based on ITT. FIML and MICE are considered 
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an adequate method to deal with missing data [62, 73]. 
Nevertheless, causes of dropout should also be explored. 
On one hand, participants did not receive any incen-
tives, which are considered effective in preventing study 
dropout. Furthermore, the participants had to answer 
several questionnaires at five measurement points. The 
time constraint may have been considered too large. In 
addition to the standardized reminder strategy, individu-
alization of reminders could be helpful [95]. It should be 
noted that the dropout rate is higher than for other IMI 
among college students, e.g., for mindfulness [96, 97] or 
social anxiety [98]. This could provide evidence for a tar-
get group-specific influence. However, in our study the 
baseline procrastination score did not have a significant 
influence on study dropout. Nevertheless, in qualitative 
research a lack of motivation in the target group or an 
inability to keep up with the treatment schedule are dis-
cussed. The authors conclude that especially in IMI for 
procrastination a shortening of modules can be helpful 
[99]. This might also be transferable to the length of the 
questionnaires, which may have been too many and fre-
quently delivered.

Second, there were some technical issues at the begin-
ning of the study. During the first weeks, there were some 
difficulties in accessing the program’s content. The par-
ticipants were immediately informed about this. How-
ever, it cannot be ruled out that these technical problems 
impacted the perceived user experience of the program.

Third, outcomes were only assessed through self-
report, which may lead to potential sampling bias [100]. 
Diagnostic interviews as external assessment, could help 
to validate self-reported data.

Fourth, secondary outcome analyses were explorative 
and might be underpowered. They should be interpreted 
with caution.

Fifth, extensive research and considerations were made 
for the definition of the non-inferiority margin. Never-
theless, some uncertainty remains, as there are no gen-
erally valid figures for a clinically relevant effect in this 
target group to date.

Conclusion and further directions
The Persuasive Design optimized StudiCare procrastina-
tion iCBT is effective in reducing academic procrastina-
tion in college students and correlated symptoms such 
as depression. Guidance by a digital coach is not infe-
rior to human guidance. These results indicate that an 
IMI guided by a digital coach is a low-threshold treat-
ment alternative for students affected by procrastina-
tion. The analysis of the follow-up data will show whether 
this effect lasts in the long-term. This study contributes 
to the growing evidence of the automation of iCBT. 
Digital guidance further facilitates the scalability and 

implementation of such interventions and produces less 
costs for guidance.

Abbreviations
BSSS  Berliner Social Support Scale
CG  Control group
GAD-7  7 item version of the General Anxiety Disorder questionnaire
iCBT  Internet- and mobile-based cognitive behavioral therapy
IMI  Internet- and mobile-based intervention
IG  Intervention group
IPS  Irrational Procrastination Scale
M  Mean
PHQ-8  8 Item version of the Patient Health Questionnaire
PSD  Persuasive system design
PSS  Perceived Stress Scale
SD  Standard deviation
STS  Susceptibility to Temptation Scale
WIRKSTUD  Study-related self-efficacy
95%-CI  95% Confidence Interval

Supplementary Information
The online version contains supplementary material available at https://doi.
org/10.1186/s40359-023-01312-1.

Supplementary Material 1

Acknowledgements
We would like to express a big thank to all college students for their 
participation. Furthermore, we would like to thank Ayca Ilgaz for the 
randomization, Anna-Lena Kling, and Laura Wiedenmann for their support in 
the study management, Paula Phillipi for her advice on the statistical analysis, 
the universities supporting us in the recruitment process as well as the eSano 
team for their IT-support.

Authors’ contributions
A.M., A.-M.K., F.K., and H.B. conceptualized the intervention and the study 
design. A.I. and A.M. optimized the intervention. A.M. carried out the study 
management. A.M. and Y.T. conducted the statistical analysis and A.M. 
interpreted the findings. A.M. took the lead in writing the manuscript. All 
authors provided critical feedback and approved the final version.

Funding
Open Access funding enabled and organized by Projekt DEAL.

Data Availability
The datasets used and/or analyzed during the current study are available from 
the corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
The study was approved by the Ethics Committee of Ulm University (file 
number Number 502/20, February 22nd, 2021). Informed consent was 
obtained from all participants. All methods were performed in accordance 
with the relevant guidelines and regulations (Declaration of Helsinki).

Consent for publication
Not applicable.

Competing interests
H.B. reports to have received consultancy fees, fees for lectures or 
workshops from chambers of psychotherapists and training institutes for 
psychotherapists and license fees for an Internet-intervention. H.B. is one 
of the principle investigators of StudiCare. All other authors declare no 
competing interests.

https://doi.org/10.1186/s40359-023-01312-1
https://doi.org/10.1186/s40359-023-01312-1


Page 15 of 17Mutter et al. BMC Psychology          (2023) 11:273 

Author details
1Department of Clinical Psychology and Psychotherapy, Institute of 
Psychology and Education, Faculty of Engineering, Ulm University, Ulm, 
Germany
2Institute of Databases and Information Systems (DBIS), Ulm University, 
Ulm, Germany
3Department of Sport and Health Sciences, Professorship of Psychology 
and Digital Mental Health Care, Technische Universität München, Munich, 
Germany

Received: 28 February 2023 / Accepted: 5 September 2023

References
1. Klingsieck KB, Procrastination. Eur Psychol. 2013;18:24–34. https://doi.

org/10.1027/1016-9040/a000138.
2. Harriott J, Ferrari JR. Prevalence of procrastination among samples of adults. 

Psychol Rep. 1996;78:611–6. https://doi.org/10.2466/pr0.1996.78.2.611.
3. Ferrari JR, Ozer BU, Demir A. Chronic procrastination among turkish 

adults: exploring decisional, avoidant, and arousal styles. J Soc Psychol. 
2009;149:402–8. https://doi.org/10.3200/SOCP.149.3.402-408.

4. Mahasneh AM, Bataineh OT, Al-Zoubi ZH. The relationship between aca-
demic procrastination and parenting styles among jordanian undergraduate 
University students. TOPSYJ. 2016;9:25–34. https://doi.org/10.2174/18743501
01609010025.

5. Ozer BU, Demir A, Ferrari JR. Exploring academic procrastination among turk-
ish students: possible gender differences in prevalence and reasons. J Soc 
Psychol. 2009;149:241–57. https://doi.org/10.3200/SOCP.149.2.241-257.

6. Schouwenburg HC. Procrastination in academic settings: general introduc-
tion. In: Schouwenburg HC, Lay CH, Pychyl TA, Ferrari JR, editors. Counseling 
the procrastinator in academic settings. 1st ed. Washington, DC: American 
Psychological Association; 2004. pp. 3–17. https://doi.org/10.1037/10808-001.

7. Ferrari JR. Procrastination as self-regulation failure of performance: effects of 
cognitive load, self‐awareness, and time limits on ‘working best under pres-
sure’. Eur J Pers. 2001;15:391–406. https://doi.org/10.1002/per.413.

8. Yan B, Zhang X. What research has been conducted on Procrastina-
tion? Evidence from a systematical bibliometric analysis. Front Psychol. 
2022;13:809044. https://doi.org/10.3389/fpsyg.2022.809044.

9. Dietz F, Hofer M, Fries S. Individual values, learning routines and academic 
procrastination. Br J Educ Psychol. 2007;77:893–906. https://doi.org/10.1348/
000709906X169076.

10. Hen M, Goroshit M. General and Life-Domain Procrastination in highly 
educated adults in Israel. Front Psychol. 2018;9:1173. https://doi.org/10.3389/
fpsyg.2018.01173.

11. Wypych M, Matuszewski J, Dragan W. Roles of Impulsivity, Motivation, and 
emotion regulation in procrastination - path analysis and comparison 
between students and non-students. Front Psychol. 2018;9:891. https://doi.
org/10.3389/fpsyg.2018.00891.

12. Harris NN, Sutton RI. Task procrastination in organizations: a 
framework for research. Hum Relat. 1983;36:987–95. https://doi.
org/10.1177/001872678303601102.

13. Tice D, Baumeister RF. Longitudinal study of procrastination, perfor-
mance, stress, and Health: the costs and benefits of Dawdling. Psychol Sci. 
1997;8:454–8. https://doi.org/10.1111/j.1467-9280.1997.tb00460.x.

14. Constantin K, English MM, Mazmanian D. Anxiety, Depression, and 
Procrastination among students: rumination plays a larger mediating role 
than worry. J Rat-Emo Cognitive-Behav Ther. 2017. https://doi.org/10.1007/
s10942-017-0271-5.

15. Steel P, Brothen T, Wambach C. Procrastination and personality, performance, 
and mood. Pers Indiv Differ. 2001;30:95–106. https://doi.org/10.1016/
S0191-8869(00)00013-1.

16. Sirois FM, Tosti N. Lost in the moment? An investigation of Procrastination, 
Mindfulness, and well-being. J Rat-Emo Cognitive-Behav Ther. 2012;30:237–
48. https://doi.org/10.1007/s10942-012-0151-y.

17. van Eerde W, Klingsieck KB. Overcoming procrastination? A meta-analysis 
of intervention studies. Educational Res Rev. 2018;25:73–85. https://doi.
org/10.1016/j.edurev.2018.09.002.

18. Andersson G, Titov N, Dear BF, Rozental A, Carlbring P. Internet-delivered psy-
chological treatments: from innovation to implementation. World Psychiatry. 
2019;18:20–8. https://doi.org/10.1002/wps.20610.

19. Rozental A, Forsell E, Svensson A, Andersson G, Carlbring P. Internet-based 
cognitive-behavior therapy for procrastination: a randomized controlled trial. 
J Consult Clin Psychol. 2015;83:808–24. https://doi.org/10.1037/ccp0000023.

20. Eckert M, Ebert DD, Lehr D, Sieland B, Berking M. Does SMS-Support make a 
difference? Effectiveness of a two-week online-training to overcome procras-
tination. A Randomized Controlled Trial. Front Psychol. 2018;9:1103. https://
doi.org/10.3389/fpsyg.2018.01103.

21. Lukas CA, Berking M. Reducing procrastination using a smartphone-based 
treatment program: a randomized controlled pilot study. Internet Interven-
tions. 2018;12:83–90. https://doi.org/10.1016/j.invent.2017.07.002.

22. Küchler A-M, Albus P, Ebert DD, Baumeister H. Effectiveness of an internet-
based intervention for procrastination in college students (StudiCare 
Procrastination): study protocol of a randomized controlled trial. Internet 
Interventions. 2019;17:100245. https://doi.org/10.1016/j.invent.2019.100245.

23. Küchler AM, Albus P, Ebert DD, Baumeister H. Studicare Procrastination Effec-
tiveness and feasibility of an internet-based intervention for college students 
- preliminary results presented at the european Congress of psychology; July 
3, 2019.

24. Baumeister H, Reichler L, Munzinger M, Lin J. The impact of guidance on 
internet-based mental health interventions — a systematic review. Internet 
Interventions. 2014;1:205–15. https://doi.org/10.1016/j.invent.2014.08.003.

25. Mohr DC, Cuijpers P, Lehman K. Supportive accountability: a model for 
providing human support to enhance adherence to eHealth interventions. J 
Med Internet Res. 2011;13:e30. https://doi.org/10.2196/jmir.1602.

26. Furukawa TA, Suganuma A, Ostinelli EG, Andersson G, Beevers CG, Shumake 
J, et al. Dismantling, optimising, and personalising internet cognitive behav-
ioural therapy for depression: a systematic review and component network 
meta-analysis using individual participant data. The Lancet Psychiatry. 
2021;8:500–11. https://doi.org/10.1016/S2215-0366(21)00077-8.

27. Oinas-Kukkonen H, Harjumaa M. Persuasive Systems Design: key issues, 
process model, and System features. CAIS. 2009. https://doi.org/10.17705/1C
AIS.02428.

28. Kelders SM, Kok RN, Ossebaard HC, van Gemert-Pijnen JEWC. Persuasive 
system design does matter: a systematic review of adherence to web-based 
interventions. J Med Internet Res. 2012;14:e152. https://doi.org/10.2196/
jmir.2104.

29. Orji R, Moffatt K. Persuasive technology for health and wellness: state-
of-the-art and emerging trends. Health Inf J. 2018;24:66–91. https://doi.
org/10.1177/1460458216650979.

30. Titov N, Andrews G, Choi I, Schwencke G, Johnston L. Randomized 
Controlled Trial of web-based treatment of Social Phobia without 
Clinician Guidance. Aust N Z J Psychiatry. 2009;43:913–9. https://doi.
org/10.1080/00048670903179160.

31. Heim E, Rötger A, Lorenz N, Maercker A. Working alliance with an avatar: 
how far can we go with internet interventions? Internet Interventions. 
2018;11:41–6. https://doi.org/10.1016/j.invent.2018.01.005.

32. Provoost S, Lau HM, Ruwaard J, Riper H. Embodied conversational agents 
in clinical psychology: a scoping review. J Med Internet Res. 2017;19:e151. 
https://doi.org/10.2196/jmir.6553.

33. Kelders SM, Bohlmeijer ET, Pots WTM, van Gemert-Pijnen JEWC. Comparing 
human and automated support for depression: fractional factorial random-
ized controlled trial. Behav Res Ther. 2015;72:72–80. https://doi.org/10.1016/j.
brat.2015.06.014.

34. Piaggio G, Elbourne DR, Pocock SJ, Evans SJW, Altman DG. Reporting of 
noninferiority and equivalence randomized trials: extension of the CONSORT 
2010 statement. JAMA. 2012;308:2594–604. https://doi.org/10.1001/
jama.2012.87802.

35. Schulz KF, Altman DG, Moher D. CONSORT 2010 statement: updated 
guidelines for reporting parallel group randomised trials. BMJ. 2010;340:c332. 
https://doi.org/10.1136/bmj.c332.

36. Svartdal F, Pfuhl G, Nordby K, Foschi G, Klingsieck KB, Rozental A, et al. 
On the measurement of procrastination: comparing two Scales in six 
european countries. Front Psychol. 2016;7:1307. https://doi.org/10.3389/
fpsyg.2016.01307.

37. D’Agostino RB, Massaro JM, Sullivan LM. Non-inferiority trials: design concepts 
and issues - the encounters of academic consultants in statistics. Stat Med. 
2003;22:169–86. https://doi.org/10.1002/sim.1425.

38. Rozental A, Forsström D, Lindner P, Nilsson S, Mårtensson L, Rizzo A, et al. 
Treating procrastination using cognitive behavior therapy: a pragmatic 

https://doi.org/10.1027/1016-9040/a000138
https://doi.org/10.1027/1016-9040/a000138
https://doi.org/10.2466/pr0.1996.78.2.611
https://doi.org/10.3200/SOCP.149.3.402-408
https://doi.org/10.2174/1874350101609010025
https://doi.org/10.2174/1874350101609010025
https://doi.org/10.3200/SOCP.149.2.241-257
https://doi.org/10.1037/10808-001
https://doi.org/10.1002/per.413
https://doi.org/10.3389/fpsyg.2022.809044
https://doi.org/10.1348/000709906X169076
https://doi.org/10.1348/000709906X169076
https://doi.org/10.3389/fpsyg.2018.01173
https://doi.org/10.3389/fpsyg.2018.01173
https://doi.org/10.3389/fpsyg.2018.00891
https://doi.org/10.3389/fpsyg.2018.00891
https://doi.org/10.1177/001872678303601102
https://doi.org/10.1177/001872678303601102
https://doi.org/10.1111/j.1467-9280.1997.tb00460.x
https://doi.org/10.1007/s10942-017-0271-5
https://doi.org/10.1007/s10942-017-0271-5
https://doi.org/10.1016/S0191-8869(00)00013-1
https://doi.org/10.1016/S0191-8869(00)00013-1
https://doi.org/10.1007/s10942-012-0151-y
https://doi.org/10.1016/j.edurev.2018.09.002
https://doi.org/10.1016/j.edurev.2018.09.002
https://doi.org/10.1002/wps.20610
https://doi.org/10.1037/ccp0000023
https://doi.org/10.3389/fpsyg.2018.01103
https://doi.org/10.3389/fpsyg.2018.01103
https://doi.org/10.1016/j.invent.2017.07.002
https://doi.org/10.1016/j.invent.2019.100245
https://doi.org/10.1016/j.invent.2014.08.003
https://doi.org/10.2196/jmir.1602
https://doi.org/10.1016/S2215-0366(21)00077-8
https://doi.org/10.17705/1CAIS.02428
https://doi.org/10.17705/1CAIS.02428
https://doi.org/10.2196/jmir.2104
https://doi.org/10.2196/jmir.2104
https://doi.org/10.1177/1460458216650979
https://doi.org/10.1177/1460458216650979
https://doi.org/10.1080/00048670903179160
https://doi.org/10.1080/00048670903179160
https://doi.org/10.1016/j.invent.2018.01.005
https://doi.org/10.2196/jmir.6553
https://doi.org/10.1016/j.brat.2015.06.014
https://doi.org/10.1016/j.brat.2015.06.014
https://doi.org/10.1001/jama.2012.87802
https://doi.org/10.1001/jama.2012.87802
https://doi.org/10.1136/bmj.c332
https://doi.org/10.3389/fpsyg.2016.01307
https://doi.org/10.3389/fpsyg.2016.01307
https://doi.org/10.1002/sim.1425


Page 16 of 17Mutter et al. BMC Psychology          (2023) 11:273 

randomized controlled trial comparing treatment delivered via the inter-
net or in groups. Behav Ther. 2018;49:180–97. https://doi.org/10.1016/j.
beth.2017.08.002.

39. Gladstone BP, Vach W. Choice of non-inferiority (NI) margins does not protect 
against degradation of treatment effects on an average–an observational 
study of registered and published NI trials. PLoS ONE. 2014;9:e103616. 
https://doi.org/10.1371/journal.pone.0103616.

40. Funder DC, Ozer DJ, Corrigendum. Evaluating effect size in Psychologi-
cal Research: sense and nonsense. Adv Methods Practices Psychol Sci. 
2020;3:509. https://doi.org/10.1177/2515245920979282.

41. Schäfer T, Schwarz MA. The meaningfulness of Effect Sizes in Psychological 
Research: differences between sub-disciplines and the impact of potential 
biases. Front Psychol. 2019;10:813. https://doi.org/10.3389/fpsyg.2019.00813.

42. Höcker A, Engberding M, Rist F. Prokrastination Ein Manual zur Behandlung 
des pathologischen Aufschiebens. Göttingen: Hogrefe; 2013.

43. Haycock LA, McCarthy P, Skay CL. Procrastination in College students: the 
role of self-efficacy and anxiety. J Couns Dev. 1998;76:317–24. https://doi.
org/10.1002/j.1556-6676.1998.tb02548.x.

44. Kocovski NL, Endler NS. Self-Regulation: social anxiety and depression. J 
Appl Biobehav Res. 2000;5:80–91. https://doi.org/10.1111/j.1751-9861.2000.
tb00065.x.

45. Gallego J, Aguilar-Parra JM, Cangas AJ, Langer ÁI, Mañas I. Effect of a mindful-
ness program on stress, anxiety and depression in university students. Span J 
Psychol. 2015;17:E109. https://doi.org/10.1017/sjp.2014.102.

46. Breedvelt JJF, Amanvermez Y, Harrer M, Karyotaki E, Gilbody S, Bockting CLH, 
et al. The Effects of Meditation, yoga, and mindfulness on Depression, anxiety, 
and stress in Tertiary Education students: a Meta-analysis. Front Psychiatry. 
2019;10:193. https://doi.org/10.3389/fpsyt.2019.00193.

47. Idrees AR, Kraft R, Pryss R, Reichert M, Nguyen T, Stenzel L, Baumeister H. 
Backend Concept of the eSano eHealth Platform for Internet-and Mobile-
based Interventions. 18th International Conference on Wireless and Mobile 
Computing, Networking and Communications (WiMob). 2022:88–93. IEEE.

48. Steel P. Arousal, avoidant and decisional procrastinators: do they exist? Per-
sonality and individual differences. 2010;48:926–34. https://doi.org/10.1016/j.
paid.2010.02.025.

49. Kroenke K, Strine TW, Spitzer RL, Williams JBW, Berry JT, Mokdad AH. The 
PHQ-8 as a measure of current depression in the general population. J Affect 
Disord. 2009;114:163–73. https://doi.org/10.1016/j.jad.2008.06.026.

50. Spitzer RL, Kroenke K, Williams JBW, Löwe B. A brief measure for assessing 
generalized anxiety disorder: the GAD-7. Arch Intern Med. 2006;166:1092–7. 
https://doi.org/10.1001/archinte.166.10.1092.

51. Cohen S, Williamson G. Perceived stress in a probability sample of the United 
States. In: S. Spacapan & S. Oskamp, editor. The social psychology of health. 
1988. pp. 31–68.

52. Jerusalem M, Schwarzer R. SWE - Skala zur Allgemeinen Selbstwirksamkeit-
serwartung. ZPID (Leibniz Institute for Psychology) – Open Test Archive; 2003.

53. Schulz U, Schwarzer R. Soziale Unterstützung bei der Krankheitsbewältigung: 
die Berliner Social Support Skalen (BSSS). Diagnostica. 2003;49:73–82. https://
doi.org/10.1026//0012-1924.49.2.73.

54. Christensen H, Griffiths KM, Farrer L. Adherence in internet interventions 
for anxiety and depression. J Med Internet Res. 2009;11:e13. https://doi.
org/10.2196/jmir.1194.

55. Gómez Penedo JM, Babl AM, Grosse Holtforth M, Hohagen F, Krieger T, Lutz 
W, et al. The Association of Therapeutic Alliance with Long-Term Outcome 
in a guided internet intervention for Depression: secondary analysis from a 
Randomized Control Trial. J Med Internet Res. 2020;22:e15824. https://doi.
org/10.2196/15824.

56. Kaiser J, Hanschmidt F, Kersting A. The association between therapeutic 
alliance and outcome in internet-based psychological interventions: a meta-
analysis. Comput Hum Behav. 2021;114:106512. https://doi.org/10.1016/j.
chb.2020.106512.

57. Gómez Penedo JM, Berger T, Grosse Holtforth M, Krieger T, Schröder J, Hoha-
gen F, et al. The Working Alliance Inventory for guided internet interventions 
(WAI-I). J Clin Psychol. 2020;76:973–86. https://doi.org/10.1002/jclp.22823.

58. Rozental A, Kottorp A, Forsström D, Månsson K, Boettcher J, Andersson G, et 
al. The negative Effects Questionnaire: psychometric properties of an instru-
ment for assessing negative effects in psychological treatments. Behav Cogn 
Psychother. 2019;47:559–72. https://doi.org/10.1017/S1352465819000018.

59. Schrepp M, Hinderks A, Thomaschewski J. Design and evaluation of a short 
version of the user experience questionnaire (UEQ-S). IJIMAI. 2017;4:103. 
https://doi.org/10.9781/ijimai.2017.09.001.

60. R Core Team. R: A language and environment for statistical computing. 2021. 
https://www.R-project.org/.

61. McNeish D. Thanks coefficient alpha, we’ll take it from here. Psychol Methods. 
2018;23:412–33. https://doi.org/10.1037/met0000144.

62. Lee T, Shi D. A comparison of full information maximum likelihood and mul-
tiple imputation in structural equation modeling with missing data. Psychol 
Methods. 2021;26:466–85. https://doi.org/10.1037/met0000381.

63. Lei P-W, Wu Q. Estimation in structural equation modeling. In: Hoyle RH, edi-
tor. Handbook of structural equation modeling. The Guilford Press; 2012. pp. 
164–80.

64. McArdle JJ. Latent variable modeling of differences and changes with lon-
gitudinal data. Annu Rev Psychol. 2009;60:577–605. https://doi.org/10.1146/
annurev.psych.60.110707.163612.

65. Putnick DL, Bornstein MH. Measurement Invariance Conventions and report-
ing: the state of the art and future directions for Psychological Research. Dev 
Rev. 2016;41:71–90. https://doi.org/10.1016/j.dr.2016.06.004.

66. Moshagen M, Erdfelder E. A new strategy for testing structural equation 
models. Struct Equ Modeling. 2016;23(1):54–60. https://doi.org/10.1080/1070
5511.2014.950896.

67. Browne MW, Cudeck R. Alternative Ways of assessing Model Fit. Sociol Meth-
ods Res. 1992:230–58.

68. Bentler PM. Comparative fit indexes in structural models. Psychol Bull. 
1990;107:238–46. https://doi.org/10.1037/0033-2909.107.2.238.

69. Savalei V. On the computation of the RMSEA and CFI from the Mean-And-
Variance Corrected Test Statistic with Nonnormal Data in SEM. Multivar Behav 
Res. 2018;53:419–29. https://doi.org/10.1080/00273171.2018.1455142.

70. Bentler PM. EQS structural equations program manual. Volume Vol 6. Multi-
variate software; 1995.

71. Hu L, Bentler PM. Cutoff criteria for fit indexes in covariance structure analysis: 
conventional criteria versus new alternatives. Struct Equation Modeling: 
Multidisciplinary J. 1999;6:1–55. https://doi.org/10.1080/10705519909540118.

72. Rosseel Y. lavaan: an R Package for Structural equation modeling. J Stat Softw. 
2012;48:1–36. https://doi.org/10.18637/jss.v048.i02.

73. van Buuren S, Groothuis-Oudshoorn K. Mice: multivariate imputation by 
chained equations in R. J Stat Softw. 3;45:1–67. https://doi.org/10.18637/jss.
v045.i03.

74. Mayring P. Qualitative content analysis. Forum Qualitative Social Research. 
2000. https://doi.org/10.1093/acprof:oso/9780190215491.003.0004.

75. Dear BF, Staples LG, Terides MD, Karin E, Zou J, Johnston L, et al. Transdiagnos-
tic versus disorder-specific and clinician-guided versus self-guided internet-
delivered treatment for generalized anxiety disorder and comorbid disorders: 
a randomized controlled trial. J Anxiety Disord. 2015;36:63–77. https://doi.
org/10.1016/j.janxdis.2015.09.003.

76. Moshe I, Terhorst Y, Philippi P, Domhardt M, Cuijpers P, Cristea I, et al. Digital 
interventions for the treatment of depression: a meta-analytic review. Psychol 
Bull. 2021;147:749–86. https://doi.org/10.1037/bul0000334.

77. Musiat P, Johnson C, Atkinson M, Wilksch S, Wade T. Impact of guidance on 
intervention adherence in computerised interventions for mental health 
problems: a meta-analysis. Psychol Med. 2022;52:229–40. https://doi.
org/10.1017/S0033291721004621.

78. Schmidt ID, Forand NR, Strunk DR. Predictors of Dropout in Internet-Based 
cognitive behavioral therapy for Depression. Cognit Ther Res. 2019;43:620–
30. https://doi.org/10.1007/s10608-018-9979-5.

79. Schulte-Strathaus J, Rauschenberg C, Baumeister H, Reininghaus U. 25. 
Ecological momentary interventions in public mental health provision. In: C. 
Montag & H. Baumeister. Digital phenotyping and mobile sensing. 2022. pp. 
427–439.

80. Johansson O, Michel T, Andersson G, Paxling B. Experiences of non-adherence 
to internet-delivered cognitive behavior therapy: a qualitative study. Internet 
Interventions. 2015;2:137–42. https://doi.org/10.1016/j.invent.2015.02.006.

81. Zalaznik D, Strauss AY, Halaj A, Barzilay S, Fradkin I, Katz BA, et al. Patient alli-
ance with the program predicts treatment outcomes whereas alliance with 
the therapist predicts adherence in internet-based therapy for panic disorder. 
Psychother Res. 2021;31:1022–35. https://doi.org/10.1080/10503307.2021.18
82712.

82. Bendig E, Erb B, Schulze-Thuesing L, Baumeister H. Die nächste generation: 
Chatbots in der klinischen Psychologie und Psychotherapie zur Förderung 
mentaler gesundheit – ein scoping-review. Verhaltenstherapie. 2019;29:266–
80. https://doi.org/10.1159/000499492.

83. Bendig E, Erb B, Meißner D, Bauereiß N, Baumeister H. Feasibility of a Software 
agent providing a brief intervention for self-help to uplift psychological well-
being (SISU). A single-group pretest-posttest trial investigating the potential 

https://doi.org/10.1016/j.beth.2017.08.002
https://doi.org/10.1016/j.beth.2017.08.002
https://doi.org/10.1371/journal.pone.0103616
https://doi.org/10.1177/2515245920979282
https://doi.org/10.3389/fpsyg.2019.00813
https://doi.org/10.1002/j.1556-6676.1998.tb02548.x
https://doi.org/10.1002/j.1556-6676.1998.tb02548.x
https://doi.org/10.1111/j.1751-9861.2000.tb00065.x
https://doi.org/10.1111/j.1751-9861.2000.tb00065.x
https://doi.org/10.1017/sjp.2014.102
https://doi.org/10.3389/fpsyt.2019.00193
https://doi.org/10.1016/j.paid.2010.02.025
https://doi.org/10.1016/j.paid.2010.02.025
https://doi.org/10.1016/j.jad.2008.06.026
https://doi.org/10.1001/archinte.166.10.1092
https://doi.org/10.1026//0012-1924.49.2.73
https://doi.org/10.1026//0012-1924.49.2.73
https://doi.org/10.2196/jmir.1194
https://doi.org/10.2196/jmir.1194
https://doi.org/10.2196/15824
https://doi.org/10.2196/15824
https://doi.org/10.1016/j.chb.2020.106512
https://doi.org/10.1016/j.chb.2020.106512
https://doi.org/10.1002/jclp.22823
https://doi.org/10.1017/S1352465819000018
https://doi.org/10.9781/ijimai.2017.09.001
https://www.R-project.org/
https://doi.org/10.1037/met0000144
https://doi.org/10.1037/met0000381
https://doi.org/10.1146/annurev.psych.60.110707.163612
https://doi.org/10.1146/annurev.psych.60.110707.163612
https://doi.org/10.1016/j.dr.2016.06.004
https://doi.org/10.1080/10705511.2014.950896
https://doi.org/10.1080/10705511.2014.950896
https://doi.org/10.1037/0033-2909.107.2.238
https://doi.org/10.1080/00273171.2018.1455142
https://doi.org/10.1080/10705519909540118
https://doi.org/10.18637/jss.v048.i02
https://doi.org/10.18637/jss.v045.i03
https://doi.org/10.18637/jss.v045.i03
https://doi.org/10.1093/acprof:oso/9780190215491.003.0004
https://doi.org/10.1016/j.janxdis.2015.09.003
https://doi.org/10.1016/j.janxdis.2015.09.003
https://doi.org/10.1037/bul0000334
https://doi.org/10.1017/S0033291721004621
https://doi.org/10.1017/S0033291721004621
https://doi.org/10.1007/s10608-018-9979-5
https://doi.org/10.1016/j.invent.2015.02.006
https://doi.org/10.1080/10503307.2021.1882712
https://doi.org/10.1080/10503307.2021.1882712
https://doi.org/10.1159/000499492


Page 17 of 17Mutter et al. BMC Psychology          (2023) 11:273 

of SISU to act as therapeutic agent. Internet Interventions. 2021;24:100377. 
https://doi.org/10.1016/j.invent.2021.100377.

84. Ibrahim ENM, Jamali N, Suhaimi AIH. Exploring gamification design elements 
for mental health support. IJATEE. 2021;8:114–25. https://doi.org/10.19101/
IJATEE.2020.S1762123.

85. Wozney L, Huguet A, Bennett K, Radomski AD, Hartling L, Dyson M, et al. How 
do eHealth Programs for adolescents with Depression Work? A Realist Review 
of Persuasive System Design Components in Internet-Based psychologi-
cal therapies. J Med Internet Res. 2017;19:e266. https://doi.org/10.2196/
jmir.7573.

86. Fuhr K, Schröder J, Berger T, Moritz S, Meyer B, Lutz W, et al. The association 
between adherence and outcome in an internet intervention for depression. 
J Affect Disord. 2018;229:443–9. https://doi.org/10.1016/j.jad.2017.12.028.

87. Ilardi SS, Craighead WE. The role of nonspecific factors in cognitive-behavior 
therapy for depression. Clin Psychol Sci Pract. 1994;1:138–56. https://doi.
org/10.1111/j.1468-2850.1994.tb00016.x.

88. Rozental A, Forsell E, Svensson A, Andersson G, Carlbring P. Internet-based 
cognitive—behavior therapy for procrastination: a randomized controlled 
trial. J Consult Clin Psychol. 2015;83:808–24. https://doi.org/10.1037/
ccp0000023.

89. Manea L, Gilbody S, McMillan D. Optimal cut-off score for diagnosing depres-
sion with the Patient Health Questionnaire (PHQ-9): a meta-analysis. CMAJ. 
2012;184:E191–6. https://doi.org/10.1503/cmaj.110829.

90. Plummer F, Manea L, Trepel D, McMillan D. Screening for anxiety disorders 
with the GAD-7 and GAD-2: a systematic review and diagnostic meta-
analysis. Gen Hosp Psychiatry. 2016;39:24–31. https://doi.org/10.1016/j.
genhosppsych.2015.11.005.

91. Beswick G, Rothblum ED, Mann L. Psychological antecedents of stu-
dent procrastination. Australian Psychol. 1988;23:207–17. https://doi.
org/10.1080/00050068808255605.

92. Cuijpers P, Turner EH, Koole SL, van Dijke A, Smit F. What is the threshold for 
a clinically relevant effect? The case of major depressive disorders. Depress 
Anxiety. 2014;31:374–8. https://doi.org/10.1002/da.22249.

93. Harrer M, Adam SH, Baumeister H, Cuijpers P, Karyotaki E, Auerbach RP, et al. 
Internet interventions for mental health in university students: a systematic 
review and meta-analysis. Int J Methods Psychiatr Res. 2019;28:e1759. https://
doi.org/10.1002/mpr.1759.

94. Curran PJ, Obeidat K, Losardo D. Twelve frequently asked questions 
about growth curve modeling. J Cogn Dev. 2010;11:121–36. https://doi.
org/10.1080/15248371003699969.

95. Weisel KK, Zarski A-C, Berger T, Krieger T, Moser CT, Schaub MP, et al. 
User experience and Effects of an individually tailored Transdiagnostic 
Internet-Based and Mobile-Supported intervention for anxiety Disorders: 
mixed-methods study. J Med Internet Res. 2020;22:e16450. https://doi.
org/10.2196/16450.

96. Küchler A-M, Kählke F, Vollbrecht D, Peip K, Ebert DD, Baumeister H, Effec-
tiveness. Acceptability, and mechanisms of change of the internet-based 
intervention StudiCare Mindfulness for College students: a Randomized 
Controlled Trial. Mindfulness. 2022;13:2140–54. https://doi.org/10.1007/
s12671-022-01949-w.

97. Küchler A-M, Schultchen D, Dretzler T, Moshagen M, Ebert DD, Baumeister H. 
A Three-Armed Randomized Controlled Trial to evaluate the effectiveness, 
Acceptance, and negative Effects of StudiCare Mindfulness, an internet- and 
Mobile-Based intervention for College students with no and on demand 
Guidance. Int J Environ Res Public Health. 2023. https://doi.org/10.3390/
ijerph20043208.

98. Kählke F, Berger T, Schulz A, Baumeister H, Berking M, Auerbach RP, et al. Effi-
cacy of an unguided internet-based self-help intervention for social anxiety 
disorder in university students: a randomized controlled trial. Int J Methods 
Psychiatr Res. 2019;28:e1766. https://doi.org/10.1002/mpr.1766.

99. Rozental A, Forsström D, Tangen JA, Carlbring P. Experiences of undergoing 
internet-based cognitive behavior therapy for procrastination: a qualita-
tive study. Internet Interventions. 2015;2:314–22. https://doi.org/10.1016/j.
invent.2015.05.001.

100. Rosenman R, Tennekoon V, Hill LG. Measuring bias in self-reported 
data. Int J Behav Healthc Res. 2011;2:320–32. https://doi.org/10.1504/
IJBHR.2011.043414.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in 
published maps and institutional affiliations. 

https://doi.org/10.1016/j.invent.2021.100377
https://doi.org/10.19101/IJATEE.2020.S1762123
https://doi.org/10.19101/IJATEE.2020.S1762123
https://doi.org/10.2196/jmir.7573
https://doi.org/10.2196/jmir.7573
https://doi.org/10.1016/j.jad.2017.12.028
https://doi.org/10.1111/j.1468-2850.1994.tb00016.x
https://doi.org/10.1111/j.1468-2850.1994.tb00016.x
https://doi.org/10.1037/ccp0000023
https://doi.org/10.1037/ccp0000023
https://doi.org/10.1503/cmaj.110829
https://doi.org/10.1016/j.genhosppsych.2015.11.005
https://doi.org/10.1016/j.genhosppsych.2015.11.005
https://doi.org/10.1080/00050068808255605
https://doi.org/10.1080/00050068808255605
https://doi.org/10.1002/da.22249
https://doi.org/10.1002/mpr.1759
https://doi.org/10.1002/mpr.1759
https://doi.org/10.1080/15248371003699969
https://doi.org/10.1080/15248371003699969
https://doi.org/10.2196/16450
https://doi.org/10.2196/16450
https://doi.org/10.1007/s12671-022-01949-w
https://doi.org/10.1007/s12671-022-01949-w
https://doi.org/10.3390/ijerph20043208
https://doi.org/10.3390/ijerph20043208
https://doi.org/10.1002/mpr.1766
https://doi.org/10.1016/j.invent.2015.05.001
https://doi.org/10.1016/j.invent.2015.05.001
https://doi.org/10.1504/IJBHR.2011.043414
https://doi.org/10.1504/IJBHR.2011.043414

	StudiCare procrastination - Randomized controlled non-inferiority trial of a persuasive design-optimized internet- and mobile-based intervention with digital coach targeting procrastination in college students
	Abstract
	Background
	Materials and methods
	Participants and inclusion criteria
	Randomization and sample size
	Intervention procedure
	Outcomes
	Sociodemographic variables
	Primary outcome
	Secondary outcomes
	Adherence
	Working alliance
	Subjective negative side effects
	Feasibility


	Statistical analysis
	Results
	Adverse events
	Therapeutic alliance
	Qualitative user feedback

	Discussion
	Limitations

	Conclusion and further directions
	References


